20124 8 A
%5385 8 i

tERMEMEXKXZEZER

Journal of Beijing University of Aeronautics and Astronautics

August 2012
Vol.38 No. 8

ETIHEETHMNATERN N HIRRAN T E
ERE S

(ALEtAn MR K FHispe, 65T 100191)

] B RBT - AETHEFLTHROAREFERR Y &, FRATEHKE&FR
AL AR 36 R B R 4% B EAR G90T 4T BB, f AR mk AT B 3802 AT AT 2 1A AR AT A R B R BUL
FREFERERRBE R LR EENRAEH L AR b LG ERA B ZREREAET I
ERRBWARERB T EXMTIH REEARERMNEREAEAEGN S ERKE R

—+=

R
x # .
HRESES . TP 391
XHEKFRIRAD ., A

TR gE; R R ARG EARRA

X E % 2. 1001-5965(2012)08-1001-04

Fresnel transform based invariant moments extraction
and object recognition method
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Abstract: An invariant moments feature extraction method based on Fresnel transform was proposed, and

applied to image recognition. The original image was mapped into the Fresnel diffraction projection space by u-

sing the Fresnel transform. The geometric or orthogonal moment invariants were extracted in the diffraction

space, from which the characterization of the global image information can be obtained. The k-nearest neighbor

classifier was employed to implement objects classification. Experimental results show that the proposed mo-

ment invariants extraction method achieves high recognition rates for different combinations of translation, scal-

ing and rotation and is very robust to noise.
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