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Least squares based recursive dentifcation for stochastic systems
w ith colbred noises

W ang Dongq ng
(College of Autam ation Eng ineering Q ingdao Universiy Q ingdaa 266071, China)

Abstract An auxiliaty model and least squares based recursive identificatbn algoritm was presented for
stochastic systen s w ith cobred noises The basic idea § bymeans of the auxiliary model dentificaton princr
ple and extended least squares tentificatbn theory to replace he unknown varbbles n he nbHmation veclor
w ih the outputs of the auxilary model and to replace the unmeasurable noise tems w ith the estin ated resdur
aly and then to propose a recursive iden tif cation algorithm to estinate all paran eters of the systems nchr
ding the paran eters of the noisemodels The smulatbn results indicate that the algoritm is effective
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